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Abstract: In order to address the issue of rapid growth of program space in SQUARES, which led to low efficiency in
program synthesis, a program space reducer based on deep neural network (DNN) was introduced into the SQUARES
framework. A given <Queried tables, Query result> pair was represented as a 2D tensor which was used as input for a
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L1=summariseGrouped(input0, meanage =
mean(age), level)

P=select(L1, level,meanage, true)
L1=summariseGrouped(input0,  maxcost
=max(cost),P_id)

L2=inner_join3(input0, L1, inputl)
L3=filter(L2,cost==maxcost)
P=select(L3,P_id,S_name,distinct,true)
L1=summariseGrouped(input2,
S_key,S_name)

L2=filters(L1, S_key==S4, S_key!=S4)
L3=filters(input0,S_key==S4, S key!=S4)
L4=inner_join4(L3, inputl,L2, input0)
L5=filter(L4,color ==green)

P=select(L5, P_id,n, true)
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